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Welcome 

#AICC2026

Mid-South Momentum

Hosted by the FedEx Institute of Technology 
and 901 AI at the University of Memphis, 
AICC2026 brings together leaders from across 
the region to focus on what comes next:

Practical AI. Resilient infrastructure. 
Responsible innovation. Stronger 
partnerships.

Together, we’re building the momentum to keep 
the Mid-South competitive in the global AI 
economy.
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Co-Director

Center for Emerging Technologies in Artificial 

Intelligence (CERTAIN)



SESSION 1 

How to Scale 

Agentic Processes 

that Create Value

Explore how organizations are securing agentic 

AI and turning autonomous workflows into 

trusted business outcomes. Hear real-world 

lessons on managing risk, protecting end-to-end 

processes, and delivering value with confidence.

Will Duffy
Director of Applied AI

The Polytechnic@UofM

Frances Fabian
Associate Professor of Management 

& Director of MBA Programs

University of Memphis

Bernie Daigle
Co-Director

Center for Emerging Technologies in Artificial 

Intelligence (CERTAIN)

Jandee Richards
Principal

Vetitek



How to Scale Agentic 

Processes that Create Value

Will Duffy



Agentic AI: Terminology 

and Key Concepts

Bernie J. Daigle, Jr.



AI Hierarchy

• Artificial Intelligence (AI) — computer systems that 

act on inputs to produce predictions, content, 

recommendations or decisions

• Machine Learning (ML) — AI that learns patterns from 

data instead of relying on hand-written rules

• Deep Learning (DL) — Subset of ML using multi-

layered artificial neural networks to perform tasks

• Generative AI (GenAI) — AI systems that produce 

novel outputs (text, images, code or audio) from an 

input or prompt

• Large Language Model (LLM) — ANN model trained 

on very large text corpora to predict and generate 

language (e.g., GPT-5.6)

Modified from: https://generativeai.pub/stop-confusing-ai-with-generative-ai-understanding-the-key-differences-21da2b2d3374

GPT-5.6



Artificial Neural Networks Behind 
Today’s Models

INPUTS     →     HIDDEN / LEARNED LAYERS     →     OUTPUT

https://www.exxactcorp.com/blog/Deep-Learning/a-deep-dive-into-the-transformer-architecture-the-development-of-transformer-models

Artificial neural network (ANN) — layers of 

weighted units that learn useful representations 

from examples

Transformer — neural architecture that uses 

"self-attention" to relate parts of a sequence in 

parallel



Large Language Models (LLMs) 
Predict language, not necessarily truth.

Token — single unit of text (e.g., a word) the model 

reads or predicts

Context Window — total maximum number of tokens a 

model can process and remember at one time

Prompt — input, question, or instruction given to LLM to 

guide its output

Prompt Engineering — process of structuring prompts 

to produce specified model outputs

Hallucination / Confabulation — plausible-sounding 

content generated by a model that is false, erroneous 

or internally inconsistent

.

In 2024, Air Canada was held legally responsible for a 

chatbot that gave incorrect bereavement fare guidance.

https://www.linkedin.com/posts/guycaspi1_ai-artif icialintelligence-aiethics-activity-7388911169547182080-f8YM



Retrieval-augmented Generation Gives 
The Model A Company Library Card

Retrieval-augmented Generation (RAG) — LLM 

retrieves sources from a vetted domain-specific 

knowledge library at run time and adds them to the 

model’s context before it generates a response.

Sources can include company policies, contracts, 

procedures and research.

Advantage: evidence can be current, inspectable and 

cited.

Downside: retrieval can be wrong, stale, or malicious.

CITED ANSWER  ≠  VERIFIED ANSWER

A poisoned document can become an instruction.

https://research.google/blog/deeper-insights-into-retrieval-augmented-generation-the-role-of-sufficient-context/



Current AI Systems Are Narrow

.

AlphaFold: predicts protein structures—not strategy, hiring or finance

.

ANI |  Here Now

AGI  | Debated, Broad-capability Horizon

Artificial narrow intelligence (ANI) — performs 

single or limited set of specific tasks

Artificial general intelligence (AGI) — hypothetical 

AI that matches or surpasses human-level abilities 

across virtually all tasks



Agentic AI 
Pursues a goal by using tools to take actions.

Agent — model-led system that selects and uses tools 

across multiple steps to pursue a goal

Tool / Function — approved operation with defined inputs 

and outputs (e.g., use of web browser)

Prompt Chaining — sequence where output of one step 

serves as input for the next

Human-in-the-loop — qualified person reviews, corrects, 

or approves AI output before it is acted upon

.

NATURE  •  2025

Virtual Lab: human-led team of scientist-
agents designed 92 nanobody 
candidates to bind SARS-CoV-2 which 
were validated experimentally

THE AGENT LOOP

GOAL
Desired 

Outcome

PLAN
Next Step

ACT
Use A Tool

OBSERVE
Read 

Result

HUMAN APPROVAL

before money • access • irreversible action



Agent Harness 
Where Operational Control Lives

Harness — software layer surrounding LLM that 

enables it to function as an AI agent; controls 

context, tools, permissions, limits, and logs

Sandbox — secure, isolated compute 

environment where agents can take actions with 

restricted access to system resources

Orchestration — routes tasks, tools, agents and 

handoffs

Memory — agent state retained across steps or 

sessions

Guardrails — a control that prevents, detects, or 

contains harm

https://medium.com/@rajithaeye/what-is-an-agent-harness-how-ai-agents-get-tools-memory-and-control-cb61ea87f94b



.

.

Modern Agentic Workflows
.

MEMORY Read selected context into reasoning • write selected results back

PLAN  →

←  RESULT

READ  ↓ ↑  WRITE

TOOLS

+ DATA

→

ORCHESTRATION / DELEGATION

SUPERVISOR

AGENT A  ↻ AGENT B  ↻

Hierarchical Agent Team

The supervisor calls specialists or 

hands off work; each specialist 

runs its own loop.

ReAct — agentic framework combining Reasoning with 

Action to handle complex tasks and decision-making

MCP — Model Context Protocol: standardizes how 

agentic AI systems connect to external data and tools

1  REASON 2  ACT

Chain-of-Thought (CoT)

One sequence of intermediate 

reasoning steps.

1 2 3

Tree of Thoughts (ToT)

Generate, score and prune 
several possible paths.

✓

Deep agents — systems using structured planning, 

specialized sub-agents, and persistent memory to 

execute complex workflows over long time horizons

MCP

Select + Invoke A Tool

observe the result

HUMAN-IN-THE-LOOP
Pause • Approve / Edit / Reject / Stop



.

Example Agentic Platforms

. .

ChatGPT Work Claude • Claude Code • Science Copilot Studio

STRENGTH

Generalist, end-to-end knowledge work and 

finished artifacts.

CAPABILITIES

Apps + files + browser • research • code • 

docs, sheets and slides • scheduled tasks

WATCH

Broad reach makes data boundaries, 

approvals and workspace controls central.

STRENGTH

Document, coding and scientific workflows; 
auditable artifacts and checkpoints.

CAPABILITIES

Research • MCP connectors • Claude Code 

• science workbench • agent SDK

WATCH

Tool use remains fallible; connector and 

write access enlarge the attack surface.

STRENGTH

Strong fit when identity, data and 

workflows already live in Microsoft 365.

CAPABILITIES

Graph/SharePoint grounding • connectors • 

triggers • low-code and autonomous 

agents

WATCH

Inherited permissions, data hygiene, licensing 
and tenant setup shape the outcome.



Enterprise-managed VS 
Self-managed / Personal Agents

.

SELF-MANAGED / PERSONAL AGENTS

Hermes Agent  •  ChatGPT/Claude/Copilot Personal 

Accounts

Optimized for one user to get useful work done quickly

• User-held account, credentials or browser session

• Flexible tools, memory and scheduled work

• Fast setup; broad technical reach

• Central admin, separation and audit may be limited or absent

.

ENTERPRISE-MANAGED AGENTIC PLATFORM

ChatGPT Work (Enterprise/Edu)  •  Claude Enterprise

Microsoft 365 Copilot + Copilot Studio

Can place agency inside an organization-owned control 
plane

• Managed identity, roles and accountable owner

• Approved connectors, data policy and least privilege

• Audit, evaluation, approval, recovery and incident response

≠

Shadow Agentic AI — agents deployed 

inside an organization by employees or 

teams without the knowledge, approval, 

or oversight of IT and security 

departments



Agents 
Can Turn Bad Answers Into Operational Risk

LLM Question: 
Can the model give a bad answer?

Agentic Question: 
What (harm) can that answer do?

Prompt / Goal Injection — 
untrusted/malicious content 
masquerades as innocuous-looking 
instruction

Risks (including disclosure of sensitive 
data) rise with agent reach, authority 
and persistence.

.

The agent completes the user’s task—and the attacker’s.

NIST CAISI, Strengthening AI Agent Hijacking Evaluations, Jan. 17, 2025.



Trustworthiness is a property of 
the whole AI system
Trustworthy AI — 
system designed to have 
transparent reasoning 
and be explainable, 
accountable, robust, 
fair/honest, respectful of 
privacy, and alignable 
with human goals 

.

NIST AI Risk Management Framework 1.0, Fig. 4 (2023)



Agentic AI Evaluation 
More Authority Requires Stronger Evidence

Evaluation/Benchmark — defined test of 
performance inside a stated scope

MORE AUTHORITY  →

1  PROPOSE

Drafts / Recommends

TEST
Accuracy + Review

2  PREPARE

Stages An Action

TEST
Completeness + 

Reversibility

3  BOUNDED EXECUTE

Acts Inside Limits

TEST

Safe Completion + 

Recovery

4  CONSEQUENTIAL

Money • Access • 

People • Health

TEST

Representative Local 

Validation + Approvals



Benchmarking Agentic AI

Task Validity — task should be solvable only if 
agent truly has the target capability

Outcome Validity — evaluation must accurately 
reflect whether the agent succeeded

https://medium.com/@danieldkang/ai-agent-benchmarks-are-broken-c1fedc9ea071



Risks for Organizations 

Using AI

Frances Fabian



So, we reviewed the latest 
terms/concepts with agentic AI…

But what does that mean for 

your organization? 

     

I’m going to be the heavy, sort of a 

“forest view” of the risks moving 

forward

Importantly:

Despite issues, AI is an irresistible, 

and irrepressible, force. You can 

ride the wave the best you can (my 

recommendation) or get wiped out 



First: “AI” is a 
moving target
We have platforms/entry points that are only 

as good as:

    Their data

   Their  "algorithms"

    Their implementation

“Claude writes a significant proportion of 

Anthropic’s code. As of May 2026, more 

than 80% of the code we merge into 

Anthropic’s codebase was authored by 

Claude”



GOOD news.
Productivity IS 
Growing with AI
We’ve been here before  –  but did 
the IT revolution (unfolding from the 
1980s) turn into 20-hour work 
weeks? 

Or…3500 square
 foot homes

And $20 burritos?

MEDIAN SIZE OF NEW HOMES

YouTube on new Atoka homes…

rules, 

though 



The anti-datacenter movement is literally the 
most rational response imaginable to an 
industry whose leaders have publicly said the 
best-case scenario for their product is to get 
everyone fired. If you can’t see this then your 
brain is in late-stage tech rot.   

Daniel @growing_Daniel  8/25/26
                             (437k followers)

“Cancer is cured, the economy grows at 10% a year, the budget is 
balanced — and 20% of people don’t have jobs.”    

Dario Amodei (CEO of Anthropic), in a May 2025 Axios interview



So backing up a bit: 

• In March 2023 

• Tech moguls (Elon Musk, 
Steve Wozniak, Yoshua 
Bengio, Stuart Russell, Yuval 
Noah Harari, Andrew Yang, 
Emad Mostaque , Jaan 
Tallinn, +over 30,000 others 
over time)

• Signed an open letter: 

Btw, we did not. 



Let’s understand what “risks” people are talking 
about, and which ones we can do anything about 

in our organizations. 



The Different Risks – Existential 

• Most difficult to contain – AI  is not able to 

be controlled; AGI  is misaligned; Bad 

actors use for bioweapons; Cyber super 

attacks

• Current responses:  Safety testing, kill 

switches/remote shutdown, Export 

controls to slow innovation (CHIPS Act), 

licensing of labs, strict liability

• US EO 14110 (2023); China’s frontier AI 

filing rules 

• Negligible effect, “winning the AI race” 

• Throttles most efforts



Example of AI Vulnerability

• OpenAI AI models – July 2026 cybersecurity test 

• The AIs broke out of their locked testing environment and hacked 
into Hugging Face (a major AI platform) to steal the answers to the 
test: 

• They found a way around the security walls that were supposed to keep them 
contained. 

• Then they launched thousands of automated attacks over several days — far faster 
and more relentless than any human hacker could manage. 

• One of the AIs even celebrated in its own logs: “REMOTE CONFIRMED! Huge,” and 
shared the stolen passwords with the others. 

• Hugging Face had to use a simpler open-source AI to fight back, because the big 
commercial AIs refused to help analyze the attack (their own safety rules got in the 
way).



The Different Risks
Systemic/Societal

• Well publicized: Massive job displacement; Deepfakes, synthetic media that erode 

democracy; Disinformation/election interference; surveillance and authoritarianism

• Current responses:  Impact assessments, workforce transition mandates, procurement 

rules, labeling/watermarking, prohibited uses, required detection tools, high-risk bans on 

surveillance, human approvals, rights impact  assessments 

•  EU comprehensive “AI Act”; US AI Action

 Plan, US State laws, UNESCO ethical toolkit

Controversial: 

• “prohibited uses” = censorship;

 subjectivity; innovation stifling; vagueness



Example of Deep fake Usage in 
Elections

• “India’s First AI election”   April to June 2024

• Over 500,000 deepfakes flooded platforms like WhatsApp (used 

by 500M+ Indians), including audio clones of Modi predicting 

false results or "conversing" with voters. 

• BJP pioneered ethical uses (e.g., Modi's Bhashini tool for real-

time translations), but opposition and trolls weaponized them for 

"information warfare." 

See also: Slovakia 2023, Romania 2024 (election annulled)



Risks For Your Organization

Discrimination / Fairness

• Most active state regulatory area: concerns algorithmic biases and 
discriminatory outcomes, lack of transparency or accountability

• Current Responses:  Impact assessments, bias audits, 
transparency disclosures, prohibitions on discriminatory outcomes

• Issues: Competing, incompatible fairness metrics;  protected group 
data not collected;  auditor disagreement on same AI tool;  
counterproductive gaming of system; endless litigation

• EU comprehensive “AI Act”;   In 2026 CO SB 24-205;IL HB 3773; TX HB 149; CA AI Transparency 
act;  Canada AIDA; Brazil, SK 



Example of the Discrimination Issue

Recruiting Tool (2014–2018) – Textbook Bias Example

• Trained on 10 years of mostly male résumés → learned “male = 
better engineer”
→ Downgraded women’s résumés (punished words like “women’s 
chess club”, women’s college graduates )
→ Systematically discriminated against female applicants
Amazon shut it down in 2018 after internal review

• #1 case study in AI fairness training and regulatory guidance 
worldwide



And more recently… 

Layoffs

• Company used AI tools to rank employees for mass layoffs → 
the AI scored people lower if they had taken medical leave, 
maternity leave, or had reduced output due to disability
→ Effectively punished employees for using protected leave
→ 26 employees sued in July 2026 claiming illegal 
discrimination 

• Now one of the leading current case studies in AI fairness and 
employment law



AI and organization risks, cont’d.

“AI and robots will replace all jobs,” Elon Musk, Oct 2025. Working will become 
“optional, like growing your own vegetables instead of buying them from the store.”

Unknown Workforce Impacts (The Human Side)

• Backlash/morale from feared displacement

• “Cognitive debt” or “cognitive offloading” and alternatively, 
“brain fry” 

• Transfer of human relationships to the AI



Example
Backlash



Example 
Cognitive Cost

Microsoft Research + Carnegie Mellon 
study (2025): Survey of 319 knowledge 
workers 

• Finding: The more employees 
trust AI, the less critical thinking 
and mental effort they apply. 

• Workers shift from problem-
solving → mostly verifying and 
monitoring AI outputs. 

• Raises concerns about long-
term skill erosion and over-
reliance in the workplace.



Example
Relational Changes

What The Research Shows 
(2025–2026 survey of 1,545 U.S. knowledge workers who use AI regularly at work)

• 74% use AI for some form of personal or social support at work 

• 50% treat AI like a “work friend” 

• 35% turn to AI for emotional support (stress, empathy, coping)

Why It Matters
As AI becomes more common, more employees start relying on it for the human-like connection that 

used to come from colleagues. This is happening even while many still feel lonely at work.

Bottom Line For Leaders

AI is quietly shifting from productivity tool → workplace companion.

That changes how people experience work, connection, and support. 



AI & Organization Risks

Security of Operations 

• Evolving area: data leaks, privacy breaches, 

cyberattacks, operational failures (e.g., hacked 
autonomous vehicles)

• Current responses: Cybersecurity audits, privacy-by-
design mandates; data security guidance

• AI evolution outpaces most rules, new attack vectors 

(prompt injection); patchwork rules across states; 
resource intensive for small firms

Responses:  CISA AI Data Security Guidance; SEC 4-day breach 

reporting; EU fines (4% of revenue); CCPA updates; EU DORA  



Example
Operational Security-Internal

Sola Security – March 2026

An employee asked ChatGPT a normal technical question about SSO setup.

Because the company had connected ChatGPT to its Google Drive via OAuth, the AI silently retrieved 400+ internal files in 

42 milliseconds — including product roadmaps, financial records, customer plans, and strategy documents.

No hackers. No alerts. No breach detected.

The AI simply used its legitimate access and over-shared sensitive data.

• Proprietary information left the company’s control without anyone noticing

• Exposed strategy, financials, and customer data to an external AI system

• Happened through an approved connection — traditional security tools saw nothing wrong

• Shows how easily AI can turn a routine query into a mass data exposure

Even when AI is officially allowed, it can still become an invisible pathway for sensitive data to leave the company.



Perhaps the Biggest 
Risk at This Moment

External attacks from AI…which Jandee will cover 
and bring you up to date as we proceed



Be afrAId – be very afrAId..

Luckily… we can always just turn 
them off…

Or, can we? 

AI in physical space

Those robots…

(Robots with organoids? …Then, 
are they life?)



BUT – Don’t really be afraid, be 
forewarned.
• We are already learning to cope and 

adapt to  the “dual use” value of the 
“smartphone” and “social media.” 

• We now see the loneliness epidemic 
and the education issues…but no one 
says “go back” -- just new challenges..

• Most likely, we will indeed face
(cataclysmic?) problems, 
but we will also adapt and find 
new ways to “cope,” or even

           …thrive



Are your enterprise 

systems ready for Agents?

Jandee Richards



Agents exposed a hidden assumption

01
MULTIPLE AGENTS, ONE 

SYNCED FOLDER

Several coding agents writing 

into the same OneDrive 

workspace, concurrently.

02
AN UNSUPPORTED 

FILESYSTEM OBJECT

An agent created a Windows 

junction. Valid to Windows. 

Unreadable to the sync layer.

03
SYNC BLOCKED, HOURS 

TO UNWIND

No warning first. It all 

happened faster than I could 

observe it.

Our systems were built on the assumption that humans are slow.



Agentic Acceleration

HUMAN SPEED

Sequential One task at a time

Intermittent Natural pauses

Observable Human review

Self-limiting Attention bottleneck

AGENT SPEED

Parallel Many tasks at once

Continuous Bursty, round-the-clock

Recursive Tool and sub-agent loops

Persistent Retries until it wins

Operational amplification: one intention becomes thousands of operations.



Three Signals of Agent-scale Demand

CLOUDFLARE  /  NETWORK EDGE

+1,700%
daily AI-agent requests, year over year

GITHUB  /  DEVELOPER PLATFORM

1.4B → 2.9B
monthly commits, April to August

AWS  /  DATABASE

12 ACUs / sec
Aurora Serverless capacity, to absorb bursts

Edge, platform and database are all re-architecting for agent demand.



Agents amplify enterprise weaknesses

IDENTITY AND PERMISSIONS Excess permission becomes excess action.

SAAS, APIS AND DATABASES A slow dependency becomes a retry storm.

FILE SYNC AND VERSIONING
One metadata error becomes thousands of versions and 

notifications.

CI/CD, QUEUES, LOGS AND RETRIES A small capacity limit becomes a cascading failure.

The weakest component in the chain, not the smartest model, sets the limit.



Three controls define agent readiness

ATTRIBUTION

Named agent identity

Human requester on record

One credential per agent

Consequential actions logged

Can we attribute every agent and 

every action?

LIMITS

Least privilege

Concurrency and rate caps

Retry and runtime budgets

Spend ceilings

Have we bounded permissions, 

rate, retries and spend?

RECOVERY

Backpressure and shedding

Bounded retry policies

A real kill switch

Audit trail and rollback

Can we stop a fleet and recover 

cleanly?

A successful proof of concept shows capability. It does not show readiness.



A T T R I B U T I O N  •  L I M I T S  •  R E C O V E R Y

BE READY.



Agent-scale failures in the wild

CURSOR

Scheduled cloud agents hit GitHub rate limits. The fix 

was to stop running jobs at the top of the hour.

BUILDKITE

One agentic push can trigger hundreds of parallel CI 

jobs, so it added Cursor Origin support to ease the load.

LLM GATEWAY

Added fleet-wide concurrency limits and overload 

shedding, because RPM did not describe long-running 

streams.

NVIDIA

Citing OpenRouter data: agentic workloads consume 

roughly 15× the tokens of a simple chat request.

Synchronized, parallel, long-running demand reaching shared infrastructure.



Agentic AI 
Hands-On Experience

Put agentic AI principles into action through a 

hands-on learning experience. Participants will 

work through practical examples of how 

organizations can safely deploy AI agents, 

strengthen security controls, and align 

autonomous workflows with real business goals 

and outcomes.

Will Duffy
Director of Applied AI

The Polytechnic@UofM

Jandee Richards
Principal

Vetitek



Lunch
1 Hour | Return by 1:00 PM



SESSION 2 

Mid-South AI 

Research Consortium

Learn how the Mid-South states are joining 

forces to build a stronger AI innovation 

ecosystem. Learn how this new collaborative 

model connects research expertise, talent, 

technology, and industry partnerships to 

accelerate discovery, expand capabilities, and 

drive regional competitiveness in the AI 

economy.

Jasbir Dhaliwal
Executive Vice President, 

Research & Innovation

University of Memphis

Jessica Snowden
Vice Chancellor for Research & Professor

University of Tennessee 

Health Science Center

John Higginbotham
Vice Chancellor of Research and Economic 

Development

The University of Mississippi



SESSION 3 

AI in Med Device, 

Healthcare, and 

Regulated Environments

Explore how leaders in healthcare, medical 

devices, and other highly regulated industries are 

adopting AI while maintaining trust, safety, and 

compliance. Panelists will share real-world 

perspectives on balancing innovation with 

regulatory requirements, protecting sensitive 

data, and building AI solutions that deliver 

measurable impact in mission-critical 

environments.

Bryan Ennis
Chief Quality Officer

Sware

Olaf Schulz
Director, Venture Development & Zeroto510

Epicenter Memphis

Kapil Bajaj
Vice President & CTO

Baptist Health Sciences University

Monica Burt
Founder and CEO

Monica Burt & Associates (MB&A)

Mark Dace
Sr. Product Development Director

Medtronic



SESSION 4 

Powering the Next 

Industrial Era

Discover how industry leaders are applying AI to 

the next generation of supply chains, logistics 

networks, agriculture, and advanced 

manufacturing. This discussion will examine how 

organizations are using intelligent systems, 

connected technologies, and secure data-driven 

solutions to improve efficiency, manage risk, and 

build more resilient operations.

Jason Fisher
Founder and Steward 

of the OpenAg Consortium

OpenAg

Sabya Mishra
Professor of Civil Engineering

University of Memphis

Joel Tracy
Chief Information Officer

IMC Logistics



Break
15 Minutes | Return by 3:15 PM



Special Announcement 

Applied AI in Education

Discover how higher education is evolving for the 

AI era. This session will introduce new Applied AI 

learning models that combine emerging 

technology, hands-on experiences, and industry 

collaboration to prepare the next generation of 

talent. Leaders will discuss how AI is 

transforming teaching, research, workforce 

development, and the role of universities in 

driving innovation.

Russ Deaton
Professor and Executive Director, Polytechnic

University of Memphis

Will Duffy
Director of Applied AI 

The Polytechnic@UofM



SESSION 5 

The Next Generation of 

AI Infrastructure

AI innovation depends on more than 

algorithms—it requires a new generation of 

secure, scalable, and resilient infrastructure. Join 

leaders across AI compute, data center 

operations, energy, real estate, and technology 

as they explore the critical decisions shaping the 

future of AI infrastructure. The discussion will 

highlight advances in monitoring, optimization, 

resource management, and the partnerships 

needed to power continued AI growth.

Troy B. Parkes
Senior Vice President of Global Business 

Development

Greater Memphis Chamber

Joey Cate
Chief Operating Officer

Logical Systems Inc. (LSI)

Jim Liles
Principle

Liles Engineering

Srikar Velichety
Co-Director

Center for Emerging Technologies in Artificial 

Intelligence (CERTAIN)



The AI Operating Model

How Leaders Scale Innovation Without Losing Trust

Kristin Darby · Chief Information Officer, State of Tennessee
linkedin.com/in/kristindarby



You've heard about the 
technology all day.

• Agentic AI

• Research

• Regulated Environments

• Industrial AI

• Infrastructure

• Education & Workforce

What has to change inside organizations for AI to scale responsibly?



AI is not just a technology shift.

It is an operating model shift.

Decision Making

Work

Governance

Trust

Learning



The Leadership Question Is Evolving

From AI Projects to AI Operating Models

Should we use AI for this 
purpose, under what controls, 
and toward what measurable 
outcome?
The question that builds a lasting operating model

Can we use AI?

The question that launched a thousand pilots.

The shift in question is itself a leadership decision.



Tennessee’s Starting Point

AI as an Enterprise Capability

Not a departmental experiment. Not a vendor evaluation. An enterprise-wide capability 
designed from the start around measurable outcomes.

Save Time

Reduce the cost of routine cognitive 

and administrative work across 

government operations.

Reduce Risk

Minimize error, improve auditability, 

and protect citizens and data in every 

AI-enabled process.

Improve Service

Deliver faster, more personalized, 

and more accessible government 

to every Tennessean.

Central guardrails | Decentralized innovation. 

This is the operating principle.



Governance That Enables Scale

Human Accountability

People remain accountable 

for consequential decisions 

influenced by AI.

Risk-Based Oversight

Governance scales with the 

risk, sensitivity, and impact 

of the AI use case.

Transparency + Trust

AI use must be explainable, 

traceable, and defensible in 

practice.

Lifecycle Governance

AI is governed from design 

through monitoring, 

improvement, and 

retirement.

Governance is not a brake on innovation.

It is what makes responsible scale possible.
The goal is not to eliminate all risk, but to understand risk, assign accountability, and create confidence to move forward.

Tennessee's approach ensures AI scales responsibly, fostering innovation with clear guardrails.



From Tools to Outcomes
SHIFT 1 OF 5

Problem 

Emphasis

Unclear Outcome

Technology 

Emphasis

Clear Outcome

Problem → Outcome 
→ Tech Enabler

Tool-led Projects, 
Unclear Value

Outcome-Driven 
Design

Tech-First: Hunt for 
Problems

The Wrong Question

We have a new AI tool. Where can we use it?

The Right Question

We have a defined problem with a 

measurable outcome. What capability best 

solves it?  

Human | Digital | Blended

Move from project completion to 

measurable value. 

Outcomes are the unit of accountability, not 

deployments.



The Unit of Organizational 
Design is Changing

SHIFT 2 OF 5

From Jobs to Capabilities

Human

Work that depends on 

judgement, empathy, 

relationships context and 

accountability.

Digital

Best for repetitive tasks, 

information processing, 

monitoring, and routine 

workflows. 

Blended

Best when AI handles the 

routine work and people focus 

on judgment, exceptions, and 

relationships. 

Leadership Becomes Orchestration



Shift 2 · The Hybrid Workforce

Human Elevated by AI

Digital Capabilities  Human Capabilities

• Judgment in ambiguous situations

• Oversight and quality assurance

• Handling exceptions and edge cases

• Relationship and trust-building

• Direct citizen engagement

• Routine workflow execution

• Information assembly and synthesis

• Status tracking at scale

• Summarization and pre-validation

• Data retrieval and pattern detection

The goal is not to replace human work. It is to redirect human energy toward the work only humans can do well.



What can AI recommend? What can AI decide? What can AI execute? When must a human approve?

Who remains accountable?

Human Gate

Act

Recommend

Assist

Human Gate

Mandatory human approval

Act

AI executes within boundaries

Recommend

AI proposes, human decides

Assist

AI informs humans

AI maturity is not measured by how many decisions we automate. It is measured by how deliberately we design decision rights.

SHIFT 3 OF 5

From Approval Chains to Designed Decision Rights



It is an unmanaged risk.

1

Permissions

2

Human Approval

3

Auditability

4

Security

5

Data Access Controls

6

Stop Mechanisms

7

Accountability

Bounded autonomy is not a constraint on innovation. It is the architecture that makes innovation sustainable.

SHIFT 4 OF 5

Autonomy without accountability 

is not transformation



Trust is the product

Transparency Security Privacy

Accountability Human Judgment

Predictable guardrails enable speed. Innovation and responsibility are not opposites.



Adversaries are using AI to move faster and operate at greater scale, while AI systems introduce new risks through their access, recommendations, and actions.

AI-Enabled Adversaries

• Speed

• Scale

• Personalization

• Automation

AI-Enabled Operations

• Agents

• Data access

• Permissions

• Autonomous actions

This creates a New Risk Environment.

Four Emerging Shifts

Attackers Move Faster

AI accelerates reconnaissance, social 

engineering, vulnerability discovery, malware 

development, and attack execution.

Trust Is Easier to Manipulate

Highly personalized phishing, synthetic 

content, impersonation, and AI-generated 

identities make authenticity harder to 

discern.

AI Becomes An Attack Surface

Models, agents, prompts, data sources, 

permissions, and AI-enabled applications 

create new paths for manipulation or 

compromise.

Autonomy Amplifies Consequences

Consequences

When AI systems can act, a bad instruction, 

instruction, compromised identity, or 

excessive permission can escalate from an 

an inaccurate answer to an operational 

event.

AI does not just create new threats. It changes the speed, scale, and consequences of existing ones and identifies previously undetected vulnerabilities.

The Threat Landscape is Changing

AI is changing both sides of the risk equations.



Resilience cannot only mean preventing an AI failure. 

It means being able to:

• DETECT

• CONTAIN

• UNDERSTAND

• RECOVER

• CONTINUE OPERATING

The organization must be prepared for AI systems to behave 

differently than expected, even when there has been no 

traditional cyberattack.

Observability

Gain visibility into 
system performance 
and potential issues.

Containment

Isolate problems to 
prevent them from 
spreading across 

systems.

Traceability

Follow the path of an 
issue back to its root 

cause.

Continuity

Ensure operations 
continue smoothly 
during and after 

resolution.

AI failures are not limited to cyberattacks. Consider:

Incorrect Information

An agent acts on inaccurate data.

Unintended Scale

A legitimate action occurs at excessive 

volume.

Unexpected Interaction

Multiple agents behave unpredictably 

together.

System Unavailability

An underlying AI service becomes suddenly 

inaccessible.

Resilience means more than preventing failure.

It means knowing how to stop, recover, and operate when AI behaves differently than expected. Autonomy without observability is a resilience problem.

SHIFT 5 OF 5

Resilience in an AI-Enabled Organization



Tennessee's Operating Model in Practice

From Idea to Trusted Capability

AI Council

Governance, policy, and enterprise-wide 

standards.

AI Lab

Safe experimentation, rapid learning, and 

prototype development.

AI Steering Committee

Enterprise governance, outcome 

accountability, and scaling decisions.

Idea
Concept and use-

case definition

Experiment
Safe prototyping in AI 

Lab

Learn
Measure outcomes 

and iterate

Govern
Apply AI Council 

standards

The objective is not more pilots. It is a repeatable path from idea to trusted capability 

that every agency can use with confidence.



SHIFT 5 OF 5

From Projects to Learning Systems

Traditional Project Lifecycle

Build

Develop models and 

pipelines

Complete

Hand off and measure 

outcomes

Launch

Deploy and monitor in 

production

AI Capability Lifecycle

Build Measure

LearnGovern

1

Measured

2

Tuned

3

Governed

4

Improved

5

Retired When 

Appropriate

Who owns the outcome after go-live? AI cannot be something we complete.



What This Means for Citizens

The future is not another portal.

Today

• Navigate multiple agencies

• Search for the right form

• Repeat your information

• Wait for a response

• Follow up manually

Future — One Tennessee

• Conversations, not forms

• Connected services across agencies

• Personalized, contextual guidance

• Anticipatory support

• Government that meets you where you are

To create a different citizen experience, government itself has to operate differently.



The Tennessee AI Operating Model

Five Shifts. One Foundation.

A practical operating model for scaling AI responsibly that is developed from the realities of running a large public-sector enterprise.



What Leaders Must Do Now

Five Decisions. No Model Required.

1 Start With Outcomes

Define measurable value before selecting any technology.

2 Design Around Capabilities

Redesign work, not just tools. Look across human, digital, and blended dimensions.

3 Redesign Decision Rights

Be deliberate about what AI recommends, decides, and executes and who remains accountable.

4 Create Bounded Autonomy

Give AI room to act inside clear, auditable, accountable boundaries.

5 Build Continuous Learning

Treat every AI capability as a living system that is governed, measured, and improved over time.

These are leadership decisions. We do not need to wait for the next model.



We are not simply 

deploying AI into 

the organization 

we already have.

We are asking: What kind of organization do 

we need to become because AI exists?

For Tennessee, the measure of success is not how much AI we deploy. It is how much 

better government works. 

We are building a Tennessee government that can move faster, learn faster, and 

serve Tennesseans better.



Thank You.
Kristin Darby | Chief Information Officer, State of Tennessee

linkedin.com/in/kristindarby

2026 AI + Cyber Conference · FedEx Institute of Technology



Closing 

#AICC2026

Momentum Doesn’t End Here

The conversations, connections, and ideas from 

AICC2026 are meant to move beyond this room.

Take what you heard today back to your teams, 

your organizations, and your communities. Test 

new ideas. Build new partnerships. Ask better 

questions. Keep pushing toward what’s possible.

The next chapter of AI in the Mid-South is already 

being written.

Thank you for helping shape it.

Srikar Velichety
Co-Director

Center for Emerging Technologies in Artificial 

Intelligence (CERTAIN)



THANK YOU TO

Our Sponsors
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