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* Land cover T1 and T2 denotes land cover maps from year 1970 to 2010 at 10-year interval and T3 denotes the latest land

n i o Land-use mix (m developed areas) cover map used for the model validation.
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measure of accuracy rate and skill score.
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BAU. Developing future scenarios that depart form BAU, for example, with housing weighted in favor
of high density (smaller single family lots, multifamily, duplex) instead of low density single family
i B ey housing that is prevalent in the Memphis region are plausible applications of the IDRISI- planning
iy T support system, with (re)zoning implications.

Thus the entropy (H) value can be treated as a critical limit or threshold to the
expansion of area. If entropy values can be monitored over years, it can
provide quantifiable description of the urban situation to policy makers.




